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Model ROUGE-1 ROUGE-2 ROUGE-L
Baseline
BART-base 44.8874 19.6440 37.0678
BART-large 46.1996 21.0814 38.8086
T5-base 41.5242 16.4631 33.6254
T5-large 42.1325 17.3326 34.4822
KADS
BART-base 459874 20.9440 38.1678
BART-large 47.2237 22.1353 39.8665
T5-base 44.2605 18.8368 36.2043
T5-large 452232 18.9618 37.7235
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Model ROUGE-1 ROUGE-2 ROUGE-L
Baseline
Full 46.1996 21.0814 38.8086
Half 44.0717 20.1916 36.6705
KADS
Full 47.2237 22.1353 39.86635
Half 45.2720 20.5406 38.1776
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